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Why do you need to “plot” an analytics course? 
Naviga�ng the waters of enterprise analy�cs can be seen as a daun�ng journey. If you’re not careful you end up floa�ng in 
the endless waters of data trying to figure out where you’re trying to go and what to look for.  A CIO once remarked, at the 
height of the “big data” buzz cycle, that litle data was the problem. 

Understanding the waters of enterprise analytics 
Enterprise analy�cs offers a wide range of benefits to organiza�ons across all industries. But o�en an organiza�on has 
different views and defini�ons as to what analy�c is, what it is not, and what it can bring. They understand analy�cs is 
needed but how to effec�vely deploy analy�cs and for what purposes is o�en subject to many discussions across 
stakeholders. 

Synopsis 
Naviga�ng the waters of enterprise 
analy�cs can be seen as a daun�ng 
journey. If you’re not careful you end 
up floa�ng in the endless waters of 
data trying to figure out where you’re 
trying to go and what to look for.  

 

“I don’t have a big data problem. I have a litle data problem. I have litle data here, litle 
data there, litle data spread across the en�re organiza�on. I need to integrate this data to 
gain intelligence from it. “ 

Utility CIO 

“We need a common analy�cs language across our organiza�on, we need to understand key 
decision point for deployment. We need educa�on! “ 

Utility CEO 

http://www.xtensible.net/
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What are different types of analytics?  
Ask the ques�on within your organiza�on as to what are different types of analy�cs? Can everyone answer the ques�on, 
and will they answer the same way?  Different types of 
analy�cs require different data sets and methodologies 
to solve a specific problem or reach a business 
objec�ve.  The choice of what type of analy�cs to use 
for what purpose depends on the nature of the 
available data, the goals of the analy�cs, and the skillset 
and availability of resources as well as technology. 
Analy�cs can be broken down into five major groups: 

 Descrip�ve Analy�cs: What has happened? 
 Diagnos�c Analy�cs: Why did it happen? 
 Predic�ve Analy�cs: What could happen? 
 Prescrip�ve Analy�cs: What ac�on to take? 
 Cogni�ve Analy�cs: What is the best ac�on? 

It is important to note that the further down the list you 
go, the more complex, the more data and specific 
approaches or technologies may be required.  If you are 
just star�ng out on your journey you might not want to 
start with cogni�ve analy�cs as it leverages ar�ficial 
intelligence, machine learning, and natural language 
processing.  Ask yourself, do we have the data to 
support it?  Do we have the technology to support it?  
Do you “trust” the data you have such that you would 
“trust” the cogni�ve analy�cs result? 

Each of these analy�c types you can further be 
decomposed.  For example, let’s consider Diagnos�c 
Analy�cs.  Diagnos�c Analy�cs is a type of data analysis 
that seeks to understand why certain events or paterns 
occurred in the data.  The primary goal of diagnos�c 
analy�cs is to answer ques�ons about what happened 
and why it happened. Key characteris�cs or features 
are: 

 Causal Analysis: Diagnos�c analy�cs explores 
the rela�onships between different variables to determine cause-and-effect rela�onships. It seeks to uncover the 
factors that led to specific outcomes or events. 

 Root Cause Iden�fica�on: The focus here is on iden�fying the underlying reasons or root causes behind observed 
trends or paterns in the data. 

 Hypothesis Tes�ng: Diagnos�c analy�cs o�en involves hypothesis tes�ng to validate or refute possible 
explana�ons for certain events. 

http://www.xtensible.net/
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 Compara�ve Analysis: It compares different datasets or segments to understand varia�ons in outcomes and 
iden�fies factors that contribute to those varia�ons. 

It's worth no�ng that diagnos�c analy�cs is o�en followed by predic�ve analy�cs, which uses the knowledge gained from 
diagnos�c analysis to forecast future outcomes and recommend proac�ve ac�ons. 

What is metadata and how is it used? 
Ask the ques�on within your organiza�on as to what metadata is and how it is used? The simplest defini�on is that 
“metadata” is “data about data”.  Metadata is data that provides informa�on about other data. It describes various aspects 
of a dataset, database, document, file, or other informa�on resources.  It helps you to understand, manage, and interpret 
the underlying data. In essence, metadata provides context, structure, and meaning to the data it represents including: 

 Descrip�ve Metadata: Descrip�ve metadata provides informa�on that describes the characteris�cs, content, and 
context of the data.  

 Structural Metadata: Structural metadata defines the organiza�on and structure of the data.  
 Administra�ve Metadata: Administra�ve metadata contains informa�on related to the management and 

administra�on of the data.  
 Technical Metadata: Technical metadata provides details about the technical characteris�cs and proper�es of the 

data.  
 Preserva�on Metadata: Preserva�on metadata relates to the long-term preserva�on and maintenance of the 

data.  
 Usage Metadata: Usage metadata captures informa�on about the usage and behavior of the data. 

What are core components for defining a successful analy�cs 
course? 
A plan for the organiza�on's analy�cs course helps it stay relevant and compliant in a rapidly evolving data landscape.  
There is much more to enterprise analy�cs than just selec�ng a technology for implementa�on.  While technology is a 
cri�cal enabler, focusing solely on acquiring the latest tools and pla�orms can lead to neglec�ng the importance of data 
strategy, people, and processes in analy�cs programs. 

Alignment with Business Goals  
A plan ensures that analy�cs efforts are closely aligned with overarching business goals and objec�ves. Without a plan, 
analy�cs ini�a�ves may lack direc�on and focus, leading to wasted resources and efforts.  As part of the plan, it is essen�al 

Take Away 
Ensure everyone is in the “know” and has a common understanding.  Take the time to 
ensure alignment across your teams; understand the real world behind analytics, 
educate, and apply. 

http://www.xtensible.net/
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to iden�fy the measurable outcomes.  A plan defines clear key performance indicators and success metrics, enabling the 
organiza�on to measure the impact of its analy�cs ini�a�ves and make data-driven decisions. 

Resource Allocation 
A plan helps in the effec�ve alloca�on of resources, including budget, personnel, and technology. This ensures that the 
organiza�on invests in the right tools and people to achieve its analy�cs objec�ves. 

Data Management and Governance 
A plan also needs to include data governance policies and procedures, for data collec�on, storage, security, and privacy. 
This is especially important as data becomes increasingly valuable and is subject to regulatory requirements. For large 
organiza�ons, data o�en resides in mul�ple databases and systems. The data management and governance plan contain 
the strategy for integra�ng data from disparate sources to create a unified and comprehensive view of the business. 

Plotted Course 
Just as a ship is going to leave the dock, they must first plot a course, taking into considera�on external impacts so must 
you with your analy�cs journey.   

Scalability 
As an enterprise grows, its analy�cs needs evolve. A plan takes into considera�on scalability and ensures that the 
infrastructure and processes can accommodate the increasing volume and complexity of data and analysis. 

Risk Management 
It helps iden�fy and mi�gate risks associated with data analy�cs, such as data breaches, data quality issues, and 
compliance viola�ons.  

Communication and Collaboration 
A well-documented plan facilitates communica�on and collabora�on among different departments and teams within the 
organiza�on. It is the common roadmap and language for discussing and priori�zing analy�cs ini�a�ves. 

Continuous Improvement 
A plan is not sta�c; it should include provisions for ongoing assessment and improvement. Regular reviews and updates 
ensure that the analy�cs strategy remains relevant and effec�ve. 

Take Away 
From Xtensible’ observed experience, organizations starting without having a “plotted 
course” will inevitably need to regroup and redirect the ship towards the correct 
organizational objectives.  To ensure the success of enterprise analytics programs, 
organizations should focus on detailed planning, robust data governance, adequate 
resource allocation, user engagement, ongoing training, and a commitment to aligning 
analytics efforts with business goals and strategies. 

http://www.xtensible.net/
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Focus on naviga�ng the data 
A recent survey from Forbes asked Data Scien�sts what they spend their �me on with respect to data management. The 
result supports what Xtensible has been referring to as the “analy�c iceberg effect”. Over the past few years, basically 80 
percent1 of �me is spent on what we refer to as “Data Janitoring”.  The surface of the iceberg seems small, but it is what 
lies beneath the surface that is big, namely data janitoring, and this can sink your enterprise analy�c ship.   

Time spent on: 

 Finding and sourcing the data 
 Understanding the data 
 Cleaning the data 
 Mapping the data 

 

 

Ask yourself, are you managing your data and analy�cs program in a manner that starts to reduce the level of effort when 
implemen�ng addi�onal analy�cs? This is essen�ally “chipping” away the botom of the iceberg, resul�ng in less data 
management and more actual analy�cs value.  If effec�ve data modeling and governance is not put in place, each analy�cs 

 
1 Managing The Data For The AI Lifecycle (forbes.com) (including figure) 

http://www.xtensible.net/
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use case con�nues to repeat itself, addressing the botom of the “iceberg” repeatedly without measurable data 
management improvements. 

Changing to a holistic data perspective 
We have tended to think about the data journey in a linear and largely segmented fashion. We u�lize different 
technologies during different stages. Very o�en these technologies are loosely connected requiring manual interven�on, 
or worse, they may not interact at all, reducing the ability to gain insights and increasing complexity. 

There is a need to unify our 
thinking, approach, and delivery 
methodologies to bring different 
groups together in the 
organiza�on to reduce complexity, 
for faster �me to market, when 
realizing analy�cs to deliver 
business value. 

Xtensible refers to this unified 
thinking as connected and 
managed data nodes described in 
a recent blog post from Sr. 
Business Consultant, Erika 
Ferguson, of Xtensible, en�tled 
Unleashing the power of the 6 
data nodes.  These data nodes 
are: 

 Govern and Catalog 
 Model and Seman�cs 
 Design 
 Map and Transform 
 Integrate 
 Generate 

These data nodes must be unified and connected to ensure alignment, reusability, and consistency of data AND analy�cs 
across the organiza�on.  From a stakeholder perspec�ve consider a consumer of data such as a data scien�st, data analyst, 
ci�zen data scien�st, and others. To ensure that they get the results they require they need clear and unambiguous data 
seman�cs resul�ng in: 

 Common terms and defini�ons, agreed by both business and informa�on technology 
 Rela�onships between en��es are well-defined, easy to follow, and u�lized 
 Business rules are well-defined, easy to follow, and u�lized 
 Trust & Proof 
 “Single version of the (metadata) truth” 

http://www.xtensible.net/
https://www.xtensible.net/data-model-and-ingestion-of-doble-asset-test-data-2/
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It has become clear that master data management can be challenging – now throw in the added effort of having the 
associated meta data also be correct – if you are atemp�ng to do this manually or with spreadsheets, it becomes an 
unmanageable problem. 

Imagine what would happen if the organiza�on spoke the same language, i.e., the seman�c model. Imagine if this model 
was the basis for your designs, leading to mappings and transforma�ons, for your integra�ons and ul�mately for 
genera�ng your data store as an example. How many spreadsheets or word documents with designs, and mappings etc. 
could you eliminate?  How much �me would your analy�cs team eliminate “data janitoring” efforts to combat the analy�cs 
iceberg effect? 

It is a journey 
It is a journey. Organiza�ons must be pa�ent – but they must also have a sense of urgency – the problem with u�lizing and 
gaining value from data will only get worse if proac�ve steps are not taken to build data management maturity. Pa�ence is 
called for, but not procras�na�on.  

Organiza�ons need to begin to embrace some guiding principles for how they approach both data management and 
enterprise analy�cs.  They need to plan for gaining data management maturity over �me. They also need to think ahead 
and consider different analy�cs technologies. Maybe the addressing business objec�ves requires advanced analy�cs such 
as cogni�ve analy�cs which then necessitates machine learning and ar�ficial intelligence. 

Xtensible applies over a decade of experience with standards, best prac�ces, and leading pla�orm technologies to expand 
u�li�es real-world analy�cs capabili�es through our deployment models. 

To learn more about how Xtensible can help your organiza�on in gaining value out of your data and managing it as a 
valuable asset visit us at: htps://www.xtensible.net/about/insights/  

To learn more about the data management pla�orm that your organiza�on visit us at 
htps://affirma.xtensible.com/capabili�es/  

 

ABOUT XTENSIBLE 

Xtensible is a leading US provider of seman�c-based products and 
consul�ng services for the u�lity industry with a global client base. 
We provide strategy and associated architecture consul�ng, 
technology consul�ng, enterprise informa�on management, 
integra�on, business intelligence and data analy�cs services, as 
well as u�lity standards training. Our products manage the data 
lifecycle, from design to run-�me. We are a driving force behind 
the development and implementa�on of interna�onal open 
standards, that underpin current and future interoperability and 
technology ini�a�ves. We deliver and empower our clients with 
sustainable end-to-end solu�ons in a repeatable and cost-effec�ve 
manner and strive to become a trusted, reliable partner, pu�ng 
our clients first. 
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